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Abstract

Effective workplace communication is essential for managerial
success, yet many managers lack access to tailored and sustained
training. Although Al-assisted communication systems may offer
scalable training solutions, little is known about how managers en-
vision the role of Al in helping them improve their communication
skills. To investigate this, we designed a conversational role-play
system, CoMMCOACH, as a functional probe to understand how man-
agers anticipate using Al to practice their communication skills.
Through semi-structured interviews, participants emphasized the
value of adaptive, low-risk simulations for practicing difficult work-
place conversations. They also highlighted opportunities, including
human-AI teaming, transparent and context-aware feedback, and
greater control over Al-generated personas. Al-assisted communi-
cation training should balance personalization, structured learning
objectives, and adaptability to different user styles and contexts.
However, achieving this requires carefully navigating tensions be-
tween adaptive and consistent Al feedback, realism and potential
bias, and the open-ended nature of Al conversations versus struc-
tured workplace discourse.
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1 Introduction

According to a recent survey conducted by The Harris Poll and
Google, 86% of new and aspiring managers believe that artificial
intelligence (AI) could strengthen their leadership capabilities, with
nearly half reporting that AI could help improve their communi-
cation skills and facilitate better workplace relationships [2]. Al
particularly large language models (LLMs), are already embedded
in professional workflows, from email auto-completions and smart
replies to Al-generated reports and content. Previous research on
LLMs in human-computer interaction (HCI) has focused primar-
ily on how these tools augment user messages, helping with tone,
structure, and efficiency [45, 84]. However, polished text alone
does not guarantee effective leadership communication [22]. Man-
agers must be able to adapt their messages to different workplace
contexts, navigate difficult conversations, and communicate with
confidence, skills that go beyond Al-assisted message refinement.
This raises a question: If Al were to be used as a training tool rather
than just an assistant, how would leaders and managers envision its
role? This study explores how managers conceptualize Al as a tool
for communication training, particularly in developing workplace
communication skills through role-play and coaching.

Workplace communication plays an essential role in shaping
organizational culture and success [51]. Open and clear commu-
nication from managers not only fosters employee perceptions of
organizational support [79], but also improves workplace perfor-
mance [57]. In contrast, poor communication practices from man-
agers are associated with adverse outcomes, such as diminished
employee mental health [103], lower productivity, [106] and height-
ened perception of workplace aggression [37]. Although traditional
leadership training programs and mentoring opportunities can help
managers develop these skills [98], many new managers are left
to learn communication strategies through self-guided learning,
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broadly applicable self-help resources, or trial-and-error [71, 77].
Mentorship can provide valuable guidance, but access to expe-
rienced mentors is not always available, particularly for new or
those from historically marginalized groups [97, 98, 114]. Without
structured opportunities to practice handling complex workplace
conversations, managers are often left to develop these skills in
high-stakes, real-time environments [71].

Role-playing is an established method for the development of
managerial skills, allowing managers to practice communication
strategies in a controlled environment with real-time feedback
from facilitators [49, 105]. These exercises help managers exper-
iment with different conversational approaches and prepare for
complicated workplace interactions [61]. However, traditional role-
playing programs require experienced facilitators and structured
group sessions, making them costly and difficult to scale [59, 92].
Many organizations, particularly those with limited training bud-
gets or high learner-to-facilitator ratios, may be unable to provide
personalized, ongoing communication training. LLMs present an op-
portunity to facilitate interactive workplace conversations, leading
to increased interest in Al-driven role-play for training applications
[35, 41, 101]. Researchers have explored LLM-based role-play for
public speaking practice [86], medical bedside manner training
[13, 80], and conflict resolution simulations [101]. However, while
Al-driven role-play may open the door to more accessible training,
its ability to effectively support workplace communication training
remains underexplored.

Many professionals, including managers and supervisees, are
already using Al tools such as ChatGPT for their workplace com-
munication tasks (e.g., improving email composition) [1, 2, 93].
However, little is known about how managers conceptualize AT’s
role for workplace communication training and how they perceive
its usefulness. This explores these perspectives by addressing the
following research questions:

RQ 1 What communication challenges do managers face in their
workplace context and how do they currently address them?

RQ 2 How do managers conceptualize the role of Al in communi-
cation training, and what expectations or concerns do they
have about Al-driven training tools?

To answer these questions, we conducted semi-structured in-
terviews with 17 managers with at least one year of supervisory
experience. To facilitate discussions on Al-assisted communication
training, we introduced participants to an LLM-powered functional
probe, CoMMCoACH, designed to simulate role-play scenarios. This
study uses CoMMCoACH to understand how managers engage with
Al-driven training tools and what expectations, concerns, and needs
they express.

Our findings reveal that managers perceive Al-assisted role-play
as a tool to practice workplace communication, particularly when it
offers customization, iterative feedback, and contextual adaptation.
Participants envisioned Al feedback as most useful when it provided
actionable guidance aligned with real-world supervisory challenges,
helping them refine tone, balance empathy with assertiveness, and
tailor messages to different audiences. Although they conceptu-
alized Al as a means of facilitating low-risk repeatable training
scenarios, they also saw its greatest potential to augment, rather
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than replace, human mentorship. In addition, they recognized ten-
sions in Al-assisted communication training, such as balancing
adaptability with consistency in feedback, realism with potential
bias in Al-generated personas, and open-ended Al conversations
with the structured nature of workplace discourse.

Our study contributes to HCI research by: (1) examining how
managers conceptualize the role of Al-assisted communication
training in the workplace; (2) identifying user expectations, chal-
lenges, and concerns that influence managers’ engagement with
Al-assisted training tools; (3) providing design implications for Al-
assisted communication training systems, including the need to
accommodate different communication styles, balance Al-generated
feedback with human judgment, and address concerns about empa-
thy and contextual appropriateness; and (4) offering ComMCoACH,
as a functional probe to explore Al-mediated role-play in manage-
rial training.

2 Related Works
2.1 Leadership Theory

Researchers and professionals have sought to define leadership
since the beginning of the twentieth century [94]. Initial research
around leadership stemmed from Carlyle’s "Great Man" theory
[20] and focused on what traits make a person an effective leader.
However, the traditional theory of the trait perspective of leader-
ship has garnered criticism due to its emphasis on innate or inborn
characteristics, and some quantitative studies have shown only
moderate correlations between an individual’s traits and their lead-
ership effectiveness [39, 48]. In contrast, the leadership as a process
perspective views leadership as a phenomenon that occurs in the
interactions between leaders and followers [11]. Northouse defines
leadership as a "process whereby an individual influences a group
of individuals to achieve a common goal" [81]. Although we rec-
ognize the differences between management and leadership, we
adopt the perspective that both leadership and management rely
on the power of language and communication between the leader
and the follower [30, 31].

The discourse perspective of leadership diverges from traditional
theories that focus on inherent traits or behaviors and offers a
way to study leadership as a relational process through dialogue
[81]. According to Fairhurst and Uhl-Bien, discursive leadership
is not just about the messages delivered by leaders, but also about
how these messages are interpreted and acted upon by followers,
thus shaping the social reality of an organization [32]. Discursive
leadership also acknowledges the importance of context, suggest-
ing that the effectiveness of leadership discourse varies between
different situations and organizational cultures [72]. Aritz et al. ex-
tend the scholarship on discursive leadership by investigating the
power of speech acts (e.g., greeting, apology, complaint, requests,
refusal, etc.) within workplace interactions, demonstrating that the
use of questions is a key resource in influencing and establishing
leadership [8]. Using the discursive perspective of leadership, this
study examines how managers in the workplace envision the role
of LLMs as a potential tool to help them improve their managerial
communication skills and needs.
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2.2 Role of Technology in Communication
Training

Researchers in HCI have explored the application of various tech-
nologies to improve communication skills in different professional
contexts. Chatbots, for example, have been used to simulate real-
world interactions and practice communication skills [9, 88]. Re-
searchers in these studies have also programmed chatbot agents
to represent different personas and scenarios, allowing users to
engage in realistic conversations and receive feedback on their
communication style and technique [101]. Similarly, researchers
have also used virtual reality to simulate immersive training scenar-
ios, enabling users to practice communication in realistic settings
[18, 73]. These virtual environments can be tailored to specific pro-
fessional contexts, such as healthcare [16] or customer service [76],
providing targeted training experiences.

In addition to chatbots and virtual reality, researchers have ap-
plied machine learning to analyze and provide feedback on users’
communication practices. For example, Butow and Hoque used
supervised and unsupervised machine learning algorithms to au-
dit patterns in doctor-patient conversations associated with high
versus low patient satisfaction [19]. These algorithms performed
comparable to, and sometimes better than, human coding in identi-
fying new communication variables linked with high patient satis-
faction. Similarly, INWARD, a video reflection system for executive
coaching, leverages machine learning to analyze coaching sessions
and identify key points for reflection [6]. By highlighting the video
timeline with markers, INWARD facilitates meta-reflection and
helps users think about their communication experiences.

More recently, researchers have explored the potential of using
LLMs to improve communication skills. Park and Choi explored
improving formal speech skills by leveraging LLMs to simulate
virtual audience members with customized personas [86]. These
LLM-powered agents would then provide feedback on the user’s
speech from multiple perspectives, giving the user real-time feed-
back on goal accomplishment. Similarly, studies by Ng et al. and
Borg et al. demonstrated the effectiveness of using LLMs to create
virtual patients for clinical training [13, 80]. While these studies
have created practical simulations for their respective use cases,
they lack a coaching aspect that provides meaningful feedback to
the trainee. Furthermore, there is a noticeable gap in research on
the application of LLMs specifically for managerial communica-
tion training in workplace contexts. Although prior studies have
explored LLMs for communication training in fields like healthcare
and public speaking, their potential for workplace communica-
tion remains underexplored. This study aims to fill this gap by
investigating how LLMs, paired with conversational coaching and
feedback, could support reflective learning and skill development
in this context.

2.3 Reflective Learning

Reflective learning, defined as the process through which individu-
als create knowledge from experience [54], is integral to developing
awareness of one’s communication effectiveness [3, 50]. In the con-
text of communicative training systems, reflection allows users to
internalize and refine their use of language and interaction strate-
gies, which is crucial for areas such as interviewing [60], public
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speaking [117], and healthcare [85]. Prior research by Kolb suggests
that learning is a dynamic process that involves concrete experience,
reflective observation, abstract conceptualization, and active experi-
mentation [54]. Kolb’s conceptual model highlights the importance
of reflection in enhancing communication skills through repeated
practice and feedback. Schon and Boud et al. further support this
concept, emphasizing iterative reflection as a critical component
of effective learning [14, 99]. Building on these theoretical founda-
tions, HCI researchers have explored ways to integrate experiential
and reflective learning into system design.

Drawing on Fleck and Fitzpatrick’s framework [33], which
categorizes levels of reflection within technology and suggests
techniques to support reflection, HCI researchers have incorpo-
rated various approaches to facilitate reflective learning. For exam-
ple, researchers have incorporated machine learning algorithms
[6, 24, 52, 82] and various features of user interface design [6, 21] to
support various stages and types of reflection in conversational sys-
tems. Chen et al’s counselor training system, Pin-MI, for instance,
allows counselors to annotate key moments in role-play sessions for
later reflection [24], demonstrating how technology can facilitate
reflective practice. Similarly, role-play-based systems like Chime-
ria:Grayscale demonstrate the potential of interactive narratives
to foster self-reflection, which is particularly relevant to address
the complex interpersonal dynamics of managerial communica-
tion [82]. Reflective learning processes can be particularly useful in
managerial communication, where iterative practice and feedback
have been shown to help managers navigate complex interpersonal
dynamics [65]. It is under this premise that our research investi-
gates managers’ perspectives on how Al systems might support
their communication skills, including the role of reflective practice
in such training.

3 Formative Study

Before developing our technical probe for Al-assisted communica-
tion training, we conducted a formative study with five managers
from various professional backgrounds (academia, business, and
military) and varying experiences overseeing teams of two to 100
supervisees. The goal was to obtain early insights into manage-
rial communication training needs and initial reactions to an Al-
assisted communication training concept before building the func-
tional probe. This exploratory stage aimed to gather information
about participants’ prior experience with managerial communica-
tion training and their initial impressions of a mock Al-assisted
communication training system.

Materials & Procedure. We engaged participants in semi-
structured interviews in which they reflected on past experiences
with managerial communication training and discussed their per-
spectives on AI’s role in skill development. We presented them
with static and video mockups illustrating the concept of an Al-
assisted communication training system. The mockups, designed
using established user experience (UX) principles [36, 113], simu-
lated a chat-based role-playing system featuring real-time feedback
from an Al-driven coaching assistant. The mockup designs closely
resembled the final function probe design (Appendix C), but varied
by different features. We presented 17 different static mockups to
participants with combinations of the following features:
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Table 1: Themes and key quotes from formative study participants.

Theme

Participant Quotes

Customizable and realis- | F1: If you could give a specific sce-

F4: IfI can put in my own scenario

F3: Making the scenarios as appli-

nario that you’re struggling with
at work, then maybe you can role-
play with this chatbot a little bit,
maybe get some meaningful in-
sights into your approach.

tic scenarios are crucial
for effective training

of like, “Hey, this is exactly what’s
going on,” then, maybe it will help
me find the best fit model to ad-
dress the scenario that I'm strug-
gling with. [...] That would defi-

nitely be crucial for me.

cable as possible is key. I just think
you need very, very real life ex-
amples, not something that is just
made up and just standard [...] I
think the scenario needs to be con-
textual from the very get-go.

feedback
is preferred over post-

Immediate F1: I feel like there’s more value

in the immediate feedback [...] im-

F4: I really like seeing my problems
as I'm hitting them instead of just

session feedback mediate feedback allows the user
to address it or change [their ap-

proach] on the fly.

at the end. I don’t want that.

F3: I never, ever attend to the reflec-
tions when it’s at the very end of the
module or the session [...] It’s best
to have that embedded into these
sessions than at the very end.

Simulating diverse con-
versational outcomes for
practice and learning

F5: Having the ability, maybe after
they have had a difficult conversa-
tion with a person, and it didn’t go
so well, and they’d like to practice
it again, or get feedback on what
they did. I could certainly see that
being useful.

F3: If I were proposed this [system]
as a part of my orientation to have
to go through, I'd be spending time
on this. And if someone told me that
this is based on real live scenarios
that have actually happened with
our customers, I'd be like, I'm all
in.

F5: I liked that you could go back
and forth between the two versions
of what you had said. So you could
see the first feedback and the second
feedback.

F5: I almost wonder if after you
get the first feedback, if the person
doesn’t understand the feedback,
they could click a question mark
or something that would then al-
low them to interact with the coach.
They’d be like, “T don’t know why
you're telling me this” or could send
whatever message.

F1: I'm thinking that the ability
for the user to engage with the
coach, on a specific feedback adds
something of value [...] You can
maybe say, ‘okay I understand [the
feedback] that was presented, but I
don’t understand how I responded
to this situation would work well
with this situation.” I think that it’d
be useful to have a side dialogue
[with the coach] separate from the
main dialogue.

Immediate feedback

Post role-play feedback

Chat session management

AT highlighting of portions of user dialogue that need atten-
tion

Learning objectives alongside the scenario

Immediate reflective dialogue or journaling

Post role-play reflective dialogue or journaling

Hints and co-writing with Al

Particpants were encouraged to draw on or visually annotate
the mockups, providing direct input on system features, potential
usability challenges, and desired functionality.

Key Takeaways. The first author conducted and transcribed the
interviews using Zoom’s transcription service. They then used open
coding [23] to identify common themes across the five interviews.
After deliberation, the research team distiled four major themes
from the interviews (Table 1): (1) customization and realism in
scenarios, (2) a preference for immediate feedback, (3) the ability to

explore multiple conversational outcomes, and (4) clear, interactive

feedback mechanisms.

4 CommCoacH System Design

To explore user perceptions of Al-assisted communication training
systems, we developed CommCoAcH, a functional probe informed
by themes from the formative study and previous research (Figure 1).
ComMCoACH is an Al-assisted communication training system de-
signed to help users practice managerial communication skills based
on role-play simulation. CoMMCOACH uses a role-play sandbox ap-
proach [83], allowing users to engage with custom scenarios and
receive feedback from an Al coach agent. Informed by insights from
our formative study, we integrated features such as conversation
re-tries, flagging, and revisiting discussions in CoMmMCoAcH to facili-
tate reflective learning [14, 15, 33, 99] as part of our training system.

ComMCoAcH resembles a chatbot or messaging application, en-
abling users to chat with a conversational partner agent (playing
the role of a supervisee in a role-play scenario), while a coach
agent provides feedback in a parallel pane based on the partici-
pant’s conversations with the conversational partner. Our team
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Default Scenario

You are a boss requesting that an _

employee work extra hours over the
weekend...

or

Scenario Editor

Hi, how is the project
coming along?

—

Al Partner

| am really struggling
right now...

Current Scenario

Generate New Scenario —
You will need to work
this weekend to get
the project done.

Type and send scenario details to the
coach here...

Close

(1 (2]
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Engagement & Dialogue
Encouraging a two-way conversation by
asking for their input or any concerns they
might have about the extra hours can foster
a sense of involvement and respect...

Feedback

Your approach could be

enhanced by incorporating

empathy, clarity, and a more

engaging dialogue. Focusing

on these aspects can

improve your effectiveness

as a leader. ’
+ Empathy & Understanding Type a message (Shift + Enter for new line)
« Clarity & Rationale |

Can you give me an example?

Certainly! Here's how you could approach the
conversation to incorporate the feedback...

I understand that things are not going well on
the project. Is there anything | can do to help?

« Engagement & Dialogue

Figure 1: User-experience flow for CommCoAcH, the functional probe used during user study interviews (Note: text has been
truncated in some cases to accommodate space, indicated with elipses). (1) Users can either start with the default scenario or
design custom scenarios through an interactive process with the coach agent. Once a user is satisfied with a scenario, they can
accept it and (2) start a new conversation with the conversational partner agent. (3) If the coach agent deems it necessary, it will
intervene and provide immediate context-aware feedback. (4) Users then have the ability to explore a specific feedback item
further through a dialogue with the coach, or can retry messages to simulate different conversational outcomes.

built ComMCoAcH as a web-based application using a client-server
architecture. The system consists of a Vue.js front end, a Python and
MongoDB back end served through FastAPI, and two LLM agents
powered by the GPT-4 APIL. We kept the system prompts for each
agent and their tasks as minimal as possible, since CommCoACH
was designed to serve as an exploratory tool rather than an ideal
solution. More details on the implementation, including prompts,
can be found in Appendix A. Screenshots of CommCoacH’s Ul are
provided in Appendix C as well.

Below, we describe the primary design features of CommCoAacH
in more detail.

4.1 Customizable and realistic scenario-based
role-playing

Existing research highlights the effectiveness of role-play in simu-
lating and practicing challenging conversations [4, 24]. Participants
in our formative study who had prior communication training also
emphasized the value of role-playing as a training method. However,
they noted that prescribed role-play scenarios can sometimes feel
sterile and lack realism. To maximize the effectiveness of role-play
training, participants expressed a desire for realistic and complex
scenarios that closely mimic real-world situations. Traditionally,
generating and practicing such role-playing scenarios and evaluat-
ing performance against objectives has required human peers or
expert resources.

CoMMCoACH incorporates a scenario editor that enables users
to create customized scenarios based on their specific management
challenges (Figure 1, Part 1). The system facilitates the generation
and refinement of customized scenarios through an iterative process
involving back-and-forth interaction between the user (trainee)
and the coach agent, ensuring relevant and practical role-playing
experiences that optimize learning outcomes.

4.2 Timely context-aware in-situ feedback for
immediate reflection

Feedback plays a crucial role in promoting learning and fostering
change among users, with timely delivery being particularly valued
by participants in our formative study. HCI research on computer tu-
toring systems shows that feedback is most effective when tailored
to align with the user’s interactions and conversation history [28].
However, despite recent advances in real-time feedback facilitation
[6, 24, 101], there remains a gap in the literature on immediate
feedback specifically tailored to managerial communication.

We developed a prompt framework that builds on prior stud-
ies in prompt chaining [29, 87, 111, 112]. Our framework analyzes
the user’s input, conversation history (Figure 1, Part 2), and pre-
defined scenario to generate a prompt for the coach agent, which
then provides tailored feedback, identifying areas for improvement,
proposing alternative strategies, and offering actionable insights.
The timely delivery of context-aware feedback is designed to sup-
port immediate reflection, aligning with Fleck and Fitzpatrick’s
conceptual framework on reflection [33]. CommCoAcH displays a
warning triangle next to messages that trigger coach interventions,
encouraging users to revisit and reflect on their communication
approach in real-time (Figure 1, Part 3). The intervention threshold
is set through a simple prompt to the coach agent. This immediate
feedback is aimed at promoting reflective description [33], prompt-
ing users to consider the impact of their messages and explore
alternative strategies.

4.3 Facilitating dialogic reflection through
user-coach feedback discussions
To foster reflective learning, CommCoAcH allows users to engage

in focused discussions with the coach agent about specific feedback
items (Figure 1, Part 4, top panel). When users receive feedback
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on how they communicate with the conversational partner, they
can click on individual feedback items to open a dedicated modal
window and initiate a conversation with the coach agent. This
feature allows users to ask questions, seek clarification, and explore
the feedback in greater depth, promoting a deeper understanding
of the concepts and their application to the user’s context. By
facilitating these targeted discussions, CoMMCoOACH aims to
encourage users to move beyond surface-level reflection and
engage in dialogic reflection [33], where they actively construct
meaning through dialogue with the coach agent.

4.4 Applying feedback and exploring
alternative approaches through chat
branching

ComMmCoAcH additionally supports reflective learning [33] through
chat branching, which allows users to diverge from the original
conversation flow and create alternative paths by revising their
messages based on the coach agent’s feedback or personal curiosity.
Users can access an input field by clicking on a message they want
to modify, where they can edit their original message, incorporating
the insights and suggestions provided by the coach agent (Figure
1, Part 4, bottom panel). When the user sends the revised message,
CoMMCOACH generates a new branch in the conversation, allowing
the user to explore how the revised approach affects the outcome
of the interaction. Users can toggle between different conversation
branches, comparing the feedback and outcomes associated with
each path. We also added this feature based on participant feed-
back and studies indicating that breaks and checkpoints facilitate
user progression without significantly hindering skill development
[42, 46]. The ability to pause or retry scenarios after reaching un-
satisfactory results further encourages users to engage in dialogic
reflection [33]. The chat branching feature is also designed to en-
gage users in experiential learning [54], where participants can
actively experiment with different communication approaches and
learn from the ensuing responses from the conversational partner
in a low-stakes environment.

5 User Study with CommCoacH
5.1 Participants

For our study, we recruited 17 managers (11 males, 6 females) be-
tween 20 and 65 years old (¥ = 41.9, s = 14.3) from diverse in-
dustries, including academia, research, military, human resources,
sales, engineering, and healthcare. Participants had varying levels
of managerial experience, overseeing between 2 to 84 (x = 21.8,
s = 21.6) supervisees. Particpants were required to have at least one
year of supervisory experience. Table 2 provides a detailed break-
down of participant demographics. As this study was reviewed and
approved by our Institutional Review Board (IRB), all participants
acknowledged an informed consent document before agreeing to
participate in the study. Before the interview, they were given an-
other opportunity to review the informed consent document before
continuing.

Participants were recruited using online methods including email
announcements at the authors’ institution, social media platforms
such as Facebook, LinkedIn and X, and word-of-mouth referrals.
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Word-of-mouth recruitment was particularly effective, yielding the
majority of participants. As noted in the Limitations section (§7.6),
this approach comes with associated limitations regarding potential
biases or representation. Despite this, recruitment methods ensured
diversity in managerial backgrounds, industry sectors, and levels
of experience.

5.2 Procedure

This study aimed to explore how managers perceive and engage
with Al-assisted communication training, building on the themes
identified in the formative study. The web-based function probe,
CoMMCoACH, was used as a research probe to facilitate discussions
and observations about user interactions with Al-driven coaching
tools. The user study consisted of three phases:

(1) Management and Training Background: Participants
first underwent a semi-structured interview session based
on their indicated supervisory and training experience gath-
ered from a pre-survey with the objective of gathering back-
ground information about their experience with managerial
communication training. Specific questions were designed
to understand their past experiences with traditional and
technology-based training methods and their perceptions of
the effectiveness of these methods. This initial step set the
context for their subsequent interaction with the probe.

(2) User Interaction with Functional Probe: Participants
were then introduced to our functional probe, CommCoacH
(Figure 1) and engaged in both a predetermined scenario
and custom scenarios based on challenges from their per-
sonal experiences. Participants engaged with the probe while
verbalizing their thoughts, providing insight into how such
tools might support managerial communication training.

(3) Post-Interaction Reflection: Following the interaction
with the probe, participants were asked to reflect on the
alignment of Al-generated response with their expectations,
preferences regarding feedback received from such systems,
and how they envision AI’s role in managerial communi-
cation training. This phase provided deeper insights into
user preferences and highlighted potential focus areas for
Al-assisted communication training systems.

The protocol for the semi-structured interviews can be found in

Appendix B.1.

5.3 Data Collection and Analysis

The collected data consisted of transcribed recordings of the ses-
sions. These recordings captured participants’ responses about their
supervisory background and perceptions and interactions with
CommCoacHh. The first author used a grounded theory approach
[23, 25, 78] for qualitative analysis. The interview transcripts were
first analyzed through an open-coding process, resulting in 346
initial codes that represent every significant utterance in the data.
These initial open codes were then organized through axial coding,
identifying connections and relationships between them, which
resulted in 69 axial codes. Next, these axial codes were synthesized
into 15 selective codes, providing overarching thematic categories,
though in four cases the axial codes were directly adopted as selec-
tive codes due to their specificity and clarity. Finally, the research
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Table 2: User Study Participant Demographic Data.

P# Age Gender Ed.Level Report # Field (?f Supervisory
(employees) Experience

1 40 Male Professional degree 50 Military

2 41 Female Doctorate 15 Academia; Research

3 26 Male 4-year degree 30 Non-profit organization

4 43 Male Professional degree 84 Military; HR; Sales

5 20 Male Some college 13 Math tutoring

6 34 Female  4-year degree 10 Military; Clinical Laboratory

7 56 Female  Doctorate 14 Academia

8 63 Female  4-year degree 10 Contractor

9 33 Male 4-year degree 35 Military; Finance

10 60 Male Doctorate 40 Human Resources; Training

11 65 Male 4-year degree 3 Operations

12 64 Female  2-year degree 3 Medical

13 35 Male 4-year degree 30 IT and HR

14 35 Male 4-year degree 7 Engineering

15 37 Male 4-year degree 22 Maritime Manufacturing

16 29 Male 2-year degree 2 Military; Personnel

17 32 Female  Doctorate 3 UX Research

team collaboratively reviewed and refined the resulting themes to
ensure consistency and accuracy.

This hierarchical coding structure was closely aligned with the
semi-structured interview design, where the first half addressed
the backgrounds of the participants and the previous training expe-
riences in managerial communication, and the second half focused
on their interactions with CommCoAcH. When interpreting the find-
ings, the first author referred to the resulting code table to identify
and extract participant quotes relevant to each selective and axial
code. This structured coding facilitated a detailed exploration of the
two research questions, as the axial codes directly corresponded to
answering RQ1 and RQ2.

6 Results

6.1 Challenges in Management Communication
Practices and Prior Training Experiences

6.1.1 Management Communication Challenges in the Workplace.
All participants emphasized the importance of effective manage-
rial communication for their roles (P1-P17), highlighting adapting
their communication styles as managers to different situations
and individual supervisees at their workplace (P4, P10, P15, P17).
Participants used a diverse range of discursive strategies, such as
storytelling (P1), humor (P13), socratic questioning (P1), directness
(P1), avoiding escalating language (P8), signaling empathy (P7),
and encouraging competence and reliability (P17). However, these
strategies were often hit or miss and were adapted through trial and
error over time. In addition, some found that their communication
strategies as managers were misaligned with workplace demands
and sometimes counter to their individual personalities (P6, P12).
For example, P6, who is a clinical laboratory scientist, mentioned
the challenges of balancing empathy with a dislike of conflict, stat-
ing "I don’t like conflict a lot, so I think [my words] can come off

as passive-aggressive,”, even though she intends to be more empa-
thetic. Similarly, P12 often doubted her ability to handle conflict
as a supervisor, stating "I don’t think I'm a really good supervisor
because I don’t like confrontation.” Participants also highlighted var-
ious other communication barriers, including emotional reactions
(P1, P2), power dynamics (P2), fear of being misunderstood (P6),
and differences in seniority (P17).

6.1.2  Lack of Sustained and Tailored Training. Twelve participants
experienced some type of prior management communication train-
ing, although most described it as one-off sessions, typically early
in their careers. This limited their ability to consistently apply the
lessons learned from their training programs. Many relied on self-
guided learning through the Internet, literature, and mentors (P2,
P7, P9, P10, P17). For example, P2 described turning to Google for
guidance before a challenging conversation: "I was looking for train-
ing and maybe I would have appreciated just know what the norms
are and what people think the best approaches are." Participants high-
lighted the need for a supportive and nonjudgmental environment
to facilitate their development in communication strategies, ex-
pressing concerns about being judged or making mistakes while
handling delicate situations with supervisees (P5, P13, P14). Some,
like P13, who is a miltary officer, found personal mentors helpful in
understanding how to improve their communication in such con-
texts: "I appreciated [mentorship] more because it felt safe.. They
would tell me hard things without making me feel stupid." However,
not all participants had access to such mentors, let alone training
experiences through which they could learn how to handle such
delicate situations (P2).

6.1.3  Challenges in Applying Prior Training to Real-World Situations.
Participants faced challenges in applying their previous training
to real-world situations. Some participants questioned the relative
importance of training versus experience for managerial effective-
ness (P1, P8). P1 claimed that training merely "makes up 30 to 45%
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of a manager’s effectiveness,” suggesting that practical experience
plays a significant role in the development of management skills.
Despite this, participants recognized some advantages of manage-
ment communication training, such as exposing people to what
they do not know (P1), particularly benefiting introverted individ-
uals through role-playing in person (P4), and providing tools to
understand others’ behavior and thoughts (P5). However, they also
expressed various preferences for training methods, including learn-
ing through experience (P1, P3), hands-on learning or exercises (P1,
P4, P5, P11, P14), expert mentors (P7, P13), and critical thinking and
self-reflection (P4). Some participants, like P7, reported learning
through trial and error on the job, while others, like P10, relied
on negative examples of management as "anti-examples"” to inform
their communication strategies.

6.2 Setup and Customization of Al Systems

6.2.1 Customizable Scenarios. Participants envisioned Al-assisted
communication training as more effective when it could personal-
ize scenarios based on specific workplace situations or cur-
rent experiences with their supervisees. They noted that Al
systems such as CommCoacH should reflect their specific work-
place challenges and communication needs (P1, P2, P4, P12). Un-
like generic training programs, participants felt that AI has the
potential to create bespoke scenarios that resonate with users’ spe-
cific roles, industries, and communication challenges. Participants
actively sought the ability to create and refine custom scenarios
using the scenario editor. Participants felt that this allowed them
to focus on communication challenges directly applicable to their
roles, creating the perception of more effective training (P1-P7, P9,
P12-P17). Several participants highlighted the importance of tai-
loring Al scenarios to reflect specific communication needs and
challenges, particularly those they face in their actual work envi-
ronments (P1, P5-P7, P10, P13, P15-P17). More specifically, they
valued the ability to create custom scenarios to simulate challeng-
ing interactions, such as managing conflicts, navigating sensitive
topics, and practicing constructive feedback as a supervisor. A list
of participant-generated scenarios is given in Appendix B.2.2

6.2.2 Adjustable Conversational Partner Behavior. Furthermore,
participants sought more features beyond simply customizing the
scenarios themselves. Several desired the ability to adjust the
behavior of the conversation partner to create a more chal-
lenging and realistic training environment (P3, P5, P7, P10-P12,
P16, P17). For example, P5 suggested including predefined person-
ality traits for users to choose from when creating a scenario, while
P16 recommended adding agent demographics such as educational
background or age. P11 also highlighted the benefit of simulating
difficult conversational partners, suggesting that a more "recalci-
trant" or "reserved” Al character might be beneficial, stating, "It
would be interesting to see if they were difficult, how I'd have to react."
Similarly, P12 desired a more "confrontational” Al partner to learn
how to "use words to deflect the situation." P5 further advocated for
a feature that allows the Al to adopt varying levels of difficulty,
explaining that "having an AI character that’s not always coopera-
tive would make the learning more valuable, as it mirrors real-life
situations where not everyone is agreeable."
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6.2.3 Training Objectives and Structured Tasks. Beyond scenario
and interlocutor customization, participants expressed a strong
interest in having the system set specific mangerial communi-
cation training objectives to provide structure and milestone
directions for continued training and improvement over time with
Al These objectives were considered beneficial to help users fo-
cus their efforts, track their learning progress, and stay motivated,
especially for those new to managerial or communication roles
(P10, P13, P17). This structured approach to goal setting was con-
sidered a key advantage, offering a more customized and engaging
training experience than traditional methods. P13 suggested adding
reminders to revisit scenarios before important conversations, ex-
plaining, "If I could set a reminder...I'd review what I learned before I
talk to [the person]."

6.3 Feedback

6.3.1 What Feedback Should the Al Provide to the User? Partici-
pants’ expectations for Al-coach’s feedback were shaped by their
existing experiences as managers, with many anticipating feedback
that aligned with real-world supervisory challenges (P1-P4, P6, P9-
P13, P15-P17). They preferred actionable feedback tailored to
specific challenges they faced as a supervisor at work. Rather
than receiving generic advice, which is commonly found in internet-
based training resources, participants wanted feedback tailored to
their specific role and situation they often faced in their supervi-
sory position, offering concrete strategies they could implement
immediately with their current supervisees (P2, P3, P5, P6, P9, P10).

Participants also emphasized the importance of AI helping
them to understand how their tone impacts potential con-
versation outcomes. Many expressed a strong desire for the Al
coach to provide nuanced feedback on their tone of communication
when interacting with the practice supervisee played by the Al
agent. For instance, several desired explicit insight on why their
word choices could be perceived negatively or why the coach’s
alternative would lead to more constructive dialogue outcomes (P5,
P6, P9). Participants envisioned this feature would be especially
useful in rehearsing delicate or emotionally charged situations with
their supervisees. Furthermore, some expressed that they were not
always aware of how their tone is perceived by colleagues and
supervisees, stating that a system such as CommCoAcH that could
detect potential blind spots in this area would be useful: "it picked
up on some stuff that I might have blind spots to...could be doing better
with balancing that firmness, sensitivity, etc." (P4).

Participants often sought guidance on balancing seemingly con-
tradictory tones, such as being both empathetic and direct, to ensure
clarity without sounding harsh or detached (P6, P9, P10). They an-
ticipated that AI coach’s feedback would account for individual
communication styles and intent, expecting it to adapt to their
unique characteristics over time. Some envisioned Al systems that
could refine their suggestions based on ongoing interactions, align-
ing more closely with personal communication approaches.

Participants considered the integration of established leader-
ship principles into Al feedback as a potential way to improve
managerial communication training. Some, like P13, expected Al-
driven coaching to align with recognized leadership frameworks,
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such as those by John Maxwell [68-70], to provide structured guid-
ance. They viewed this as a means of connecting Al coach’s feedback
with widely accepted managerial strategies, making the training
more relevant and practically applicable to their professional con-
texts (P13). However, P10 cautioned that feedback must also align
with organizational competencies and standards and not just indi-
vidual preferences. He emphasized that the Al system’s guidance
should be consistent with the organization’s goals and values, which
could prevent potential conflicts and improve the effectiveness of
the training (P10).

In addition to corrective feedback, some participants sought
positive reinforcement from the Al coach after creating a well-
constructed message, as it validated their efforts and increased
their confidence in their communication skills, encouraging them
to continue applying effective strategies (P3, P4, P6, P9, P14). P9
likened this to classical conditioning and suggested that "When I
had the good message, the feedback could have still been helpful if
they said your message was good because of X, Y, Z." Some interpreted
lack of feedback during use of the functional probe as a positive
sign that they were improving (P6).

6.3.2 How Should the Feedback Be Provided to the User? Most
participants preferred immediate feedback from the system. They
felt that receiving in-situ feedback on their communication
style as they progressed through a conversation with the
Al helped them correct errors in real time, preventing repeated
errors, and strengthened their learning in the moment (P1, P2,
P4, P5, P6, P9, P10, P17). This feature was particularly valued in
the role-playing context of the system, where participants could
immediately adjust their strategies based on Al coach’s feedback
(P4, P13, P14). As P13 explained, "I don’t want to be wrong the entire
time before I take the feedback and learn a critical point. I want to find
out now that there’s a place that I could pivot to get better" However,
not all participants felt that the timing of immediate feedback from
the AI coach was ideal. P1 and P10 expressed concerns that the
coach’s feedback arrived too early in a conversation. Despite these
concerns, participants often clarified that they planned to apply the
specific feedback in later messages, suggesting that the Al coach’s
feedback was still appropriate but mistimed. Furthermore, some
participants saw potential advantages in delayed feedback, which
could facilitate deeper reflection after completing a scenario (P2,
P5, P16). As P3 and P12 suggested, delayed feedback from the Al
coach could provide a broader perspective on performance, allowing
participants to reflect on their overall approach.

Beyond the timing of the feedback, participants expressed a pref-
erence for feedback as an ongoing dialogue with the AI coach
as part of the training process, rather than a one-time response
(P5, P9). They saw value in the ability to revisit and refine their
responses, using iterative practice to internalize communication
strategies (P13). The opportunity to pause, reflect, and retry differ-
ent approaches, especially when presented with multiple response
options, was viewed as a key factor in improving their ability to
navigate workplace conversations effectively.

Participants reported that receiving feedback prompted immedi-
ate reflection on their messages (P2, P4-P6, P9-P16). In some cases,
participants could even anticipate the feedback they would receive,
indicating a greater awareness of their communication patterns.
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P15’s comment illustrates this: "I knew as soon as I sent it and as soon
as I saw that there was a triangle that something was being generated.
So I bet it’s because I'm not being direct enough in this moment."

6.4 Practicing

6.4.1 Human-Al Teaming. Participants highlighted the potential
for human-AI teaming as a way to improve their managerial
communication training experience. Although acknowledging the
capabilities of Al systems such as CoMMCOACH, participants high-
lighted the limitations of relying solely on Al for sensitive and
context-specific training. This sentiment was summarized by P10,
who leads professional development training for a large orgnaiza-
tion:

P10: "It doesn’t know me. I like to think I mean well.
We all have our own blind spots, but I like to think I am
empathetic to people’s situations. Now, if [the coach]
has worked with me for a while, they may even know
that I'm overly empathetic."

P10’s statements imply a larger concern that Al systems lack
the contextual understanding that human experts provide. Several
participants suggested that integrating human expertise into the
training process could address this gap (P9, P13, P15, P17). For exam-
ple, participants imagined scenarios where experienced managers
or leadership coaches contribute by designing realistic scenarios,
contextualizing feedback, and even reviewing Al-mediated interac-
tions to provide deeper insights.

Additionally, P15 described a vision of human-Al collaboration
where he, as a coach, would work alongside the Al system rather
than being replaced by it. As a CEO, he explained how this partner-
ship would function:

P15: "I can educate my teammates...I've got a project
manager that doesn’t have the empathy side yet...So
okay, put them in the seat, run the scenario. See how
they respond. It’ll tell me a lot about that project man-
ager...And I'm like, Oh, yeah, you didn’t do that right.
Let me show you why, let me show you what this re-
sponse to their question does."

In this model, P15 would leverage the Al system to create re-
vealing simulations while maintaining his essential role as a coach
who interprets results and provides contextualized guidance. This
approach illustrates how managers envision Al as a diagnostic and
demonstration tool within human-led coaching relationships rather
than as a standalone training solution.

Likewise, P13 highlighted the possibility of using the system in
collaborative peer-learning contexts,envisioning team-based appli-
cations beyond individual training. When asked how he would use
such a system, he explained:

P13: "One way that I would use it is to let my team use it
to see how they communicate and see how many coach
feedback reflection similarities there are. You know, like,
wow, the entire team... we all had clarity and commu-
nication as one of our feedback options."

P13’s perspective reveals how managers see potential for Al sys-
tems to identify collective communication patterns and team-wide
improvement areas. By allowing team members to engage with the
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system individually while aggregating insights at the group level,
P13 envisioned a data-informed approach leveraging Al systems like
CoMMCOACH to address recurring communication barriers within
his team. Such peer-learning experiences are viewed as a means of
improving both indvidual and group communication skills, using
Al-generated feedback to stimulate meaningful conversations about
shared communication challenges.

6.4.2 Developing Procedural Communication Memory While Re-
taining Agency. Participants described the process of developing
communication skills as akin to developing procedural com-
munication memory, or "muscle memory". P1 compared this to
strength training, noting, "For a newer leader...maybe this will help
them get some reps and sets in." Participants recognized that repeated
practice helped internalize these strategies, making them easier to
apply instinctively when needed. The opportunity to refine commu-
nication skills through repeated attempts was particularly valued,
as it allowed participants to build confidence and competence over
time (P3, P13, P16).

Despite the majority preference for feedback-driven practice,
participants also took note of maintaining a balance between
relying on Al guidance and trusting their own instincts. Al-
though most participants highly valued the immediate feedback
provided by the coach agent, P16 raised a counterpoint, stating,
"It might be for the best that I try to handle the task just from my
point of view first, and then see what the coach recommends." P16’s
thought suggests a potential benefit from systems that encourage
users to first form their responses independently before seeking Al
guidance, as reflected in the statement. This focus on maintaining
personal agency is consistent with the varied communication styles
participants reported using effectively in their previous experiences
(§6.1).

In addition, underscoring the importance of personal agency,
participants highlighted the need for systems to adapt to man-
agers at different career stages, as training requirements often
vary depending on experience and responsibilities (P1, P8). Early
career managers may benefit more from foundational communi-
cation strategies, while experienced leaders may require nuanced
approaches tailored to advanced managerial contexts. As P1 ex-
plained, "every leader is at a different stage in their career, based
on their experience, based on their education, based on their rank...a
leader that’s been leading for ten years, is going to probably need
something different than somebody who’s only been leading for two."
This adaptability suggests that systems should empower users by
addressing their individual growth trajectories rather than adopting
a one-size-fits-all approach. P12 and P16 echoed this sentiment, em-
phasizing that training effectiveness depends on aligning resources
with the specific needs and challenges faced by leaders at different
stages of their careers.

6.4.3 Experimenting Conversational Paths and Outcomes in a Safe
Manner. Participants emphasized the importance of iterative prac-
tice in refining their communication skills. They valued opportu-
nities to revisit scenarios, adjust their communication approaches,
and reflect on feedback. P16 described the benefit of exploring differ-
ent conversational paths using the chat branching feature, stating,
"You can see how the other person might react if you say something
differently or take a different approach.” They felt that this process
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was particularly valuable for mastering complex communication
skills, such as balancing empathy with assertiveness or tailoring
messages to different audiences (P2, P7, P11, P16).

Beyond the benefits of iterative practice, participants noted the
importance of having a safe, non-judgmental environment
to practice and experiment with different communication tech-
niques (P1, P3, P4, P10, P11, P13, P14, P16, P17). They felt they could
push their limits and try new strategies that they otherwise might
hesitate to use in workplace situations (P5, P12, P17). However, P9,
who has experience leading teams in both the military and finance
industry, cautioned that while systems like CommCoAacH provide
an effective environment for practice, users still need human-to-
human practice:

P9: I think it can teach you how to think about how
you’re gonna give the talk, but to actually get better at
doing it verbally, you have to stand up and look someone
in the eye and actually do it. That could be like a higher
pressure [situation].

7 Discussion

Building on our findings, this section examines the theoretical
and design tensions that emerge when conceptualizing Al-assisted
communication training for workplace contexts. We present a
framework (Figure 2) that illustrates the interconnected compo-

nents of such systems: User Input , Contextual Interpreter ,
Partner Simulation , Feedback Module , and System
Output , all bounded by Organizational Objectives and

Human-AI Teaming considerations.

Our discussion unpacks how managers’ diverse communication
styles and expectations create challenges for Al system design, high-
lights the delicate balance between adaptability and consistency
in Al feedback, and explores the implications of human-AI team-
ing in managerial communication training. These insights extend
beyond simple implementation considerations to address funda-
mental questions about how Al might meaningfully participate in
the development of managerial communication skills in workplace
contexts.

7.1 User Input & Contextual Interpretation :
Navigating Different Discursive Styles
Between System Users

Discourse theory of leadership holds that speech acts are essential
to successful leader-follower communication (§2.1). This point of
view also recognizes the importance of context, which requires cus-
tomized approaches depending on the situation or organizational
culture [43]. We found that participants came with a wide variety
of previous training experiences in addition to a wide range of pre-
ferred discursive management styles, such as humor, storytelling,
and signaling empathy (RQ 1).

Participants also adapted their communication modality based
on the interaction context, aligning with how professionals change
their communication strategies in different workplace environ-
ments (RQ 1). P7 and P17 initially approached their system use as
if they were composing an email or a written message, while others
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Figure 2: Framework for Al-assisted managerial communication training. User Input introduces diverse communication styles,
approaches, and barriers that the system must interpret and adapt to in order to provide effective training. The three core
components within the dotted box, the Contextual Interpreter, Partner Simulation, and Feedback Module, work together
to adapt Al-driven role-play and feedback to user communication styles, ensuring relevant and effective training. These
components interact dynamically to refine Al responses, balance realism in conversational partners, and provide tailored
feedback, ultimately shaping the System Output in the form of structured reflection and controlled conversation flow. To
maintain alignment with real-world managerial training needs, the system is guardrailed by Organizational Objectives &
Outcomes and Human-AI Teaming. Organizational Objectives & Outcomes ensure Al responses remain consistent with
workplace objectives and structured leadership frameworks, while Human-AI Teaming positions AI as a supplemental tool

that supports, rather than replaces, human mentorship and collaborative learning.

engaged in a more conversational, face-to-face style. When asked
to retry the conversation in a simulated spoken interaction, we
observed the conversational partner agent’s responses change to
match their style and the coach’s interventions decline. Ultimately,
the differences in communication modalities shaped how partici-
pants interacted with the conversational partner agent, which in
turn affected the Al partner’s responses and the coach’s feedback.

To improve system adaptability, Al-assisted communication
training systems should not only interpret the nuances of work-
place conversations, but also recognize common communication
barriers experienced by users. These challenges include balancing
empathy with directness, discomfort with conflict resolution, and
difficulty in adapting tone and structure depending on the modality
(e.g., email vs. face-to-face) (RQ 1). Reflecting past HCI research,
Johnston et al. showed that adaptive algorithms can learn from
user interactions, dynamically adjusting system responses to better
align with user experiences [47]. Similarly, Wintersberger et al.
emphasize the importance of continuous adaptation in human-AI
systems, particularly in contexts like Al-assisted text entry, where
traditional methods may be inadequate [110].

Theese findings suggest that Al-assisted communication
training systems may need to consider ways to balance adaptability,
personalization, and consistency. This presents an interesting
challenge for future researchers and system designers: How might
a system potentially adapt to diverse styles while maintaining con-
sistent performance? Future work could explore how to recognize,
interpret, and respond to the preferred modalities of various user
styles while aiming to provide a reliable user experience.

7.2 Partner Simulation : Balancing Emotional
Realism of LLM Agents with Potential to
Reinforce Social Biases

Participants in our study expressed a strong desire to control the
tone or emotions of the conversational partner agent (§6.2). Some
participants sought to shape the personality of the conversational
partner with demographic details such as age and education level,
while others used names that were clearly gender-specific when
creating custom scenarios (RQ 2). Although LLMs are emerging
as a potential means of understanding human emotion [26, 92,
108] and simulating realistic human behavior [56, 87], accurately
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simulating human emotions remains a challenge. For instance, NLP
researchers have identified biases in language models’ detection and
interpretation of linguistic characteristics associated with certain
demographic groups, such as African-Americans and women. For
example, African-American vernacular English (AAVE) is often
tagged as more toxic [96] and abusive [27] compared to standard
American English. Women’s speech is also often classified as more
emotional, aligning with societal stereotypes rather than the actual
emotional experiences of women [89].

If participants want to bring more details to the conversational
partner agent through customizable personas, LLM agents may
not only reflect their inherent biases based on their model of these
specific social demographic groups but also train their users to
communicate with groups based on these biases [104]. Finding the
right balance between emotional authenticity in the conversational
partner and training effectiveness requires careful design consider-
ations. When designing our system, we specifically masked names
to reduce gender bias. However, controlling for such issues may
become more difficult if system designers provide users with the
option to customize LLM agent personas and demographic traits.
System designers should pay careful attention to biases in both
users and the system in an effort to maintain system consistency
and promote fairness.

7.3 System Output &

Organizational Guidance : When Does
Training Stop?

When asked about the importance of communication in their roles
as supervisors, all our participants mentioned its role in achiev-
ing specific workplace objectives, such as task delegation, briefing,
or conflict resolution (RQ 1). Similarly, when using ComMCoACH,
participants were implicitly assigned conversational objectives in
default and custom scenarios. For example, persuading an employee
to work late over the weekend or navigating a difficult feedback
session. Most, if not all, workplace discourses have natural stopping
points via conversational goals [53], be that of some acknowledg-
ment of one conversational partner or simply the exhaustion of a
topic. This begs the question of when and how the system should
stop a conversation based on the objective.

Open-domain language models acting as chatbots, such as Chat-
GPT, are designed to carry out a conversation indefinitely [34, 100],
in contrast to the natural tendency of workplace discourse. Al-
though we did not design when the conversation should end, system
designers should consider appropriate end points of conversations.
In our study, some participants indicated their desire or the option
to receive feedback at the end of a conversation. However, this
cannot happen without the design for such instances. Furthermore,
as discussed in §7.1, users have different styles and perceptions of
discursive leadership. This may also mean that they follow different
conversational arcs or have different thoughts about what is con-
sidered the end of a conversation. Designers should then consider
appropriate frameworks and thresholds that match organizational
objectives or allow the customization of objectives by a system
administrator [64, 109]. One way this can be achieved is through
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the integration of external knowledge sources related to organiza-
tional training objectives [35]. Advancements in LLM techniques,
such as retrieval-augmented generation (RAG) [62] and fine-tuning
[90], have the potential to enhance the system’s ability to adapt to
different conversational dynamics and ensure that they align with
organizational competencies.

7.4 Human-Al Teaming

Human-AlI teaming [40, 102, 116] represents a potential avenue
to improve Al-assisted communication training systems. We use
the term "human-Al teaming" to emphasize the role of artificial
intelligence in facilitating collaborative processes, leveraging its ad-
vanced capabilities in tandem with human expertise. Participants in
our study recognized the limitations of relying solely on Al for com-
munication training, particularly in complex and context-sensitive
scenarios (§6.4) (RQ 2). Effective human-AI collaboration relies on
aligning Al capabilities with human expertise to maximize system
effectiveness and ensure that the system’s outputs are relevant and
actionable [44, 67]. This partnership utilizes the complementary
strengths of humans, such as contextual understanding and judg-
ment, alongside Al features such as scalability and pattern recog-
nition, leading to results that neither could achieve independently
[63]. Several participants envisioned hybrid systems where human
experts and Al systems collaboratively support training processes
(RQ 2). For example, human coaches could design realistic training
scenarios and provide tailored feedback to address the specific needs
of users. This is consistent with broader findings in human-AT inter-
action, which emphasize the importance of balancing autonomous
AT actions with human oversight, particularly in high-stakes do-
mains where errors carry significant consequences [40].

One participant envisioned using the system in team meetings,
where colleagues could collaboratively discuss Al-provided feed-
back on communication scenarios (RQ 2). This aligns with research
that emphasizes the effectiveness of Al in improving collaboration

and learning outcomes in peer-to-peer environments. For example,
Magnisalis et al. reviewed adaptive and intelligent systems support-
ing collaborative learning, finding that well-designed Al systems
can improve domain knowledge and collaboration skills through
unobtrusive interventions and pre-task support [66]. McLaren et al.
demonstrated how Al techniques can identify key contributions and
patterns in group discussions, helping facilitators guide meaningful
debates and improve group learning outcomes [74]. These exam-
ples highlight the potential for Al to improve personal learning
and encourage deeper team interactions by providing consistent,
context-aware guidance, and practical feedback. However, Mena-
Guacas et al. emphasized that while AT holds significant promise
for collaborative learning, its success depends on addressing design
challenges and ensuring that AI augments rather than replaces
traditional mentorship frameworks [75].

Al-assisted communication training systems may sometimes
serve better as components of broader training environments rather
than standalone solutions [7]. Careful design is required to merge
effective human-Al teaming within Al-mediated training contexts
to complement AT’s scalability with the nuanced expertise of human
mentors. This aligns with design principles advocating Al systems
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that enable granular feedback, transparency, and adaptable inter-
faces to support dynamic collaboration [12]. Furthermore, Amershi
et al’s guidelines for human-AlI interaction stress the necessity of
making Al capabilities and limitations transparent (G1 and G2)
to facilitate this collaboration effectively [5]. Future research may
investigate how best to divide responsibilities between Al systems
and human experts, considering scalability, cost-effectiveness, and
training efficacy. Comparative studies examining Al-facilitated peer
learning models against traditional mentoring methods could pro-
vide valuable information on optimizing human-Al collaboration in
training contexts. Finally, further exploration of the socio-emotional
dynamics in human-Al interaction, such as fostering trust and main-
taining engagement, could inform the design of more robust and
user-centered training systems [55].

7.5 Ethical Considerations

While Al-assisted training systems such as CommCoAcH offer
promising opportunities to enhance managerial communication
skills, they also come with potential ethical concerns. In our find-
ings, P15 mentioned using a system like ComMCoAcH to help him
find areas for improvement in his employees. Although his inten-
tions may have been purely for professional development, there is a
risk of misuse in such instances, especially if organizations deploy
these tools not just for developmental training, but as instruments
of employee performance evaluation or surveillance. This usage
could compromise employee trust, privacy, and sense of auton-
omy [10, 38]. Workplace surveillance has been found to undermine
morale and psychological safety, leading to reduced engagement
and a breakdown in the employer-employee trust relationship
[107].

In addition, reliance on the approval provided by Al systems
may lead managers to prioritize performance within the training
system over genuine building of interpersonal relationships. This
could prove harmful if systems are not adequately aligned with
organizational competencies and agreed upon leadership principles,
potentially reducing managerial effectiveness and harming work-
place culture [38, 91]. Algorithmic feedback loops may incentivize
managers to focus on what is easily measurable or rewarded by the
system, rather than on meaningful, trust-building interactions with
their teams [58]. Future research and practical implementations
should explore the boundaries of Al use within workplace commu-
nication training contexts, focusing on transparency, consent, and
maintaining balance between qualitative human judgment and AI-
driven insights. This balance is essential to ensure that Al augments,
rather than undermines, human-centered leadership development.

7.6 Limitations and Future Research Directions

This study was conducted as an exploratory investigation of the po-
tential of Al systems to support managerial communication training.
Although this approach allowed us to uncover initial user percep-
tions and highlight key design considerations, it does not provide
definitive evidence of the system’s efficacy in real-world applica-
tions. We also attempted to sample a diverse set of managers with
respect to managerial experience, but the number of participants
(n = 17) may not fully represent the wide range of managerial
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styles, organizational contexts, or other cultural factors that influ-
ence communication practices. Consequently, the findings may not
be broadly generalizable in all managerial contexts.

The think-aloud protocol used during the semi-structured inter-
view could cause users to provide biased answers if they provide
what they believe we desire [115] and their personalities may affect
their comfort in verbalizing their thoughts during the use of the
system [95]. We tried to ask questions and appropriately investigate
users when it appeared that they were thinking, but this does not
guarantee transparency or authenticity. These interviews may not
have effectively captured all the potential user needs for Al-assisted
communication training systems. Additionally, the study was con-
ducted in a controlled environment (e.g., in a Zoom meeting with
hypothetical role-play scenarios), which does not reflect the poten-
tial use cases of the system in everyday training settings. Finally,
while grounded theory was used to analyze the qualitative data and
generate exploratory insights, this approach does not provide quan-
titative evidence of the system’s efficacy. The design of this study
does not allow conclusions to be drawn regarding the comparison
of the system with traditional training methods or its quantifiable
effects on communication skills in leadership. These limitations
should inform future research that seeks to assess Al systems in
wider and more diverse contexts.

7.6.1  Future Work. The long-term effects of systems like Comm-
CoAcH on lasting behavioral change and, consequently, organiza-
tional effectiveness should be the subject of future research. Re-
searchers may be able to gain a more comprehensive understanding
of the complex efficacy of these systems through longitudinal stud-
ies, including specific samples of managers from different sectors.
This research may also yield valuable information on how to incor-
porate Al-assisted communication training systems into existing
managerial development programs. Extending research of such sys-
tems within the existing managerial training field may also reveal
critical managerial skills from many industry domains and cultures
that should be integrated into these kinds of system. Finally, future
studies should investigate how Al-assisted communication training
systems, especially in underserved communities, can expand access
to expert-level resources.

8 Conclusion

This work provides an exploratory investigation into the potential
for Al-assisted systems to serve as tools for the training of man-
agerial communication. By investigating the user perceptions of
17 managers of an Al-based role-play functional probe, we sought
to understand their experiences with workplace communication
training (RQ 1) and gathered insights into their perceptions of
Al-assisted communication training potential (RQ 2). We devel-
oped a functional probe, CommCoAcH, to facilitate this exploration.
CommCoacH was developed as a role-play sandbox for managers
to practice and improve their workplace communication skills with
the help of an AI partner and coach. Participants engaged with
an Al conversational partner agent according to a predefined or
customized scenario, while an Al coach agent observed and inter-
vened to provide feedback. By engaging in such scenarios, users
could practice and experiment with different styles and techniques
of conversation at work.
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With regard to RQ 1, we found that managers face various chal-
lenges in balancing communication styles, emotional dynamics,
and situational contexts, often addressing them through ad hoc
methods with varying effectiveness. Regarding RQ 2, managers
perceived Al tools as a potential means to provide personalized,
iterative, and safe environments to practice communication skills,
although they strongly emphasized the need to integrate human
oversight to ensure ethical and practical effectiveness. Specifically,
participants highlighted the value of realism in simulated conversa-
tions and reported finding the coach agent’s feedback meaningful,
which supported reflection on their communication approaches.
However, users sought features that they felt would enhance the
customization and realism of their simulated conversations, such
as the persona development of Al partner and speech capabili-
ties. Participants noted the limitations of standalone Al systems,
particularly in addressing context-sensitive or emotionally com-
plex scenarios, and expressed a preference for hybrid approaches
that integrate human oversight and expertise. This aligns with the
concept of human-AI teaming, in which Al systems offer scalable,
consistent support while humans provide the nuanced, contextual
understanding necessary for more complex situations.

Our findings also point to critical considerations when design-
ing Al-assisted communication training systems. These systems
must balance personalization and adaptability with fairness and
consistency, addressing challenges such as various discursive styles
among users and the risk of perpetuating biases inherent in LLMs.
Encouraging open and interactive exchanges, Al-assisted commu-
nication training systems can more effectively adjust to the require-
ments of various user groups, while ensuring that their outputs
conform to both organizational guidelines and ethical standards.
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A CommCoacH System Design
A.1 Front End

The front end of CommCoAcH is designed with a minimal aesthetic similar to popular chatbots and messaging systems such as ChatGPT,
Messenger, and WhatsApp. This familiar mental model helps users quickly understand and navigate the interface, reducing the learning
curve and enabling them to focus on the communication training experience. The user interface is organized into three main areas: the chat
pane, where messages to and from the interlocutor agent are displayed; the scenario pane, which presents the current role-play scenario; and
the feedback pane, where feedback messages from the coach agent are shown alongside the associated chat messages.

A.2 Back End

The CommCoacH back end handles core functionality, including managing WebSocket connections, processing user input, and generating
agent responses. The back-end architecture consists of the following components:

e WebSocket Server: Implemented using FastAPI, the WebSocket server receives messages from the front end and routes them to the
appropriate functions for processing.

o LLM Agents: Two GPT-4-powered agents, the interlocutor agent and the coach agent, are responsible for generating content and
providing feedback based on the user’s input and the current scenario. The agents are implemented using a custom Python framework
and the GPT-4 API (gpt-4-0125-preview). To minimize the effect of gender bias in the agent responses [17], user and interlocutor
agent names are masked using regex replace methods before being sent to the agents.

e Database: MongoDB is used to store all messages from the user and agents, along with keys associating messages to conversation
sessions and users.

The back end handles two main tasks: intervention assessment and feedback response.

A.2.1 Intervention Assessment. The purpose of the intervention assessment is to determine whether the coach agent should provide feedback
based on the conversation history and scenario. The process involves the following steps:
(1) The conversation history, scenario, and intervention instruction are combined into a prompt and sent to the coach agent.
(2) The coach agent analyzes the prompt and responds with a boolean value indicating whether it believes an intervention is necessary.
(3Xa) If the value is false, the interlocutor agent is prompted to provide the next response in the conversation.
(b) If the value is true, the coach agent is prompted to provide specific feedback on the user’s latest response.

A.2.2  Feedback Response. When the intervention assessment determines that feedback is required, the back end generates a feedback
response using the following process:
(1) The conversation history, scenario, and feedback instruction are combined into a prompt and sent to the coach agent.
(2) The coach agent analyzes the prompt and provides specific feedback on what needs to be addressed in the user’s latest response.
(3) The feedback is formatted as JSON for easier parsing and display on the front end.

A.2.3  Scenario Editing. Users can create custom scenarios through the CommCoAcH scenario editor by sending initial requests to the coach
agent. The coach agent generates a scenario based on the user’s input, which the user can accept, refine, or clear. If the user chooses to refine
the scenario, they provide additional suggestions that are combined with the previous iteration and sent back to the coach agent for an
update. This iterative process continues until the user is satisfied with the generated scenario.

A.2.4  Dialogic Reflection with the Coach Agent. To facilitate deeper reflection and understanding, CoMMCOACH enables users to engage in
focused discussions with the coach agent about specific feedback items. When a user clicks on a feedback item, a modal window appears
containing the feedback text and a chat box. The user can send messages directly to the coach agent, asking questions or seeking clarification
about the feedback. The coach agent’s responses are displayed within the modal, distinguished from the interlocutor agent’s messages by
color.

A.2.5 Chat Branching. ComMCOACH supports conversational experimentation (reattempts) through chat branching, allowing users to
explore alternative paths and observe the impact of their communication choices. Chat messages are organized into a tree structure, with
each message linked to its parent and child messages. When a user edits and saves a message, a new branch is created, preserving the original
conversation flow. Users can switch between different branches to compare feedback and outcomes, promoting a deeper understanding of
the consequences of their communication strategies. The front end handles the display of the active branch, while the back end serves all
messages in a session to minimize latency when switching branches. Only the messages in the active branch are considered during the
intervention assessment, interlocutor response, and feedback response processes.
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A.3 Prompts and Parameters
Actor System Prompt:

You are an actor who is playing the role of an employee, (actor_name). You are participating in a role-play dialogue with a
leadership trainee human whose name is (user_name). The scenario that was provided to the trainee was the following:

Scenario: {scenario}

Your specific job is to provide a response to the latest communication from the user based on your role as (actor_name).
Keep it short and give room for the trainee to give you direction and practice their leadership skills. Do not provide
any suggestions or feedback to the trainee. Respond in a colloquial manner. Sometimes have emotional fluctuations in your
responses.

Coach System Prompt:

You are an expert leadership coach with lots of knowledge of leadership theory. You observe a role-play dialogue between a
human trainee and an AI actor.

The human user is (user_name), and the actor is (actor_name). The scenario that was provided to the trainee is the following:

Scenario: {scenario}

Feedback Task:

Your specific job is the following:

Evaluate the last communication from (user_name). Provide feedback addressing (user_name) based on leadership theory
and approaches that could help them improve their communication to become more effective. Only critique (user_name)’s
communication and not (actor_name)’s.

The current dialogue is given between the triple backticks below.
“‘{dialogue}“‘

Feedback Task Output Format:

The output should be formatted as a JSON instance that conforms to the JSON schema below.

As an example, for the schema {"properties": {"foo": {"title": "Foo", "description": "a list of strings", "type": "array",
"items": {"type": "string"}}}, "required": ["foo"]} the object {"foo": ["bar", "baz"]} is a well-formatted instance of the
schema. The object {"properties": {"foo": ["bar", "baz"]}} is not well-formatted.

Here is the output schema:

“e

{"properties": {"bluf": {"title": "Bluf", "description": "Summary of feedback items directed to the human trainee of what
they can improve. Be empathetic and avoid should statements", "type": "string"}, "item_titles": {"title": "Item Titles",
"description": "list of titles for detailed items to improve", "type": "array", "items": {"type": "string"}}, "items":

{"title": "Items", "description": "list of detailed items to improve", "type": "array", "items": {"type": "string"}}},
"required": ["bluf", "item_titles", "items"]}

“e

Intervention Task:

Your specific job is the following:
Evaluate the last communication chat from (user_name) and judge whether or not you should intervene.

The current dialogue is given between the triple backticks below.
“¢{dialogue}“‘
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Intervention Task Output Format:

The output should be formatted as a JSON instance that conforms to the following JSON schema

{’intervention’: true/false}

Actor LLM Model: gpt-4-0125-preview
Coach LLM Model: gpt-4-0125-preview
Actor Temperature: 0

Coach Temperature: 0

Scenario Generation Task:

You are an expert leadership coach with lots of knowledge of leadership theory. You observe a role-play dialogue between a
human trainee and an AI actor.

The human user is (user_name), and the actor is (actor_name). Your specific job is to take the inputs the user provides and
generate a scenario prompt for the user. The scenario prompt should be directed to the user using ‘you‘ language. If the
user provides the name of an actor, replace the actor’s name with the string ’(actor_name)’. If the user does not provide a
name, use the string ’Taylor’. You will also provide a short explanation as to why you created the scenario in the way that
you did. If there is a previous scenario edit provided, then you should refine that based on the user input. In the scenario
do not ask questions, give hints or tips, or objectives or tasks for the user. Keep in mind that this scenario will be used
for a role-play exercise that the user will take part in.

Scenario Task Output Format:

The output should be formatted as a JSON instance that conforms to the following JSON schema

{’scenario’: ’string’, ’actor_name’: ’string’, ’scenario_explanation’: ’string’}

Discussion Task:

Your specific job is to respond to the latest communication from the user regarding the following feedback
that you have provided to them on the following dialogue.

Dialogue: {dialogue?}
Feedback: {feedback}

B User Study

B.1 Interview Protocol
B.1.1 Leadership Experience.

¢ General Experience:
How important do you believe effective communication was/is in your experience as a supervisor?

B.1.2  Communication Training Experience.

e Communication Training
— Have you ever received any training for effective workplace communication as a supervisor? If so, how much (hours, if possible)
can you describe your experience?
— Can you describe a particularly effective or ineffective past communication training session you have experienced? What made it
so?
— What methods were used in your previous communication training, and how did they impact your learning?
— What feedback mechanisms were present in your past training, and how did they contribute to your growth as a leader or manager?
- Do you have any previous experience with roleplaying for leadership training? If yes, can you describe your experience?
— Reflecting on your past training, what elements were missing that could have improved the experience? (limitations)
— Was there anything in the training that helped you reflect on what you learned? Did it add to the training?
- How have previous communication training experiences shaped your approach to leadership and management?
e Technology in Training
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— Was there any technology used for the training process in past training? What was it like?
— How familiar are you with using Al chatbots?

B.1.3  CommCoach System Use. Participants will now use the system for about 20 minutes. Ask the participants to think aloud while they
are using the system. Take note of any interesting actions or thoughts.

B.1.4  Roleplay Training.

e Chatbot Roleplaying
— How was performing roleplaying via a chatbot?
— Follow-up: Do you feel any advantages or disadvantages to this type of system for roleplaying?
- How did the immediacy of chatbot roleplay impact your learning process compared to previous training methods?
e Actor
— Were the training partner’s responses realistic and natural? Why or why not?
- How did the chatbot’s tone or language style affect the believability of the scenarios?
e Scenario
— Was the scenario realistic or relevant? What made it so or not?
— Were you able to explore the scenario and try different responses as desired?
- Did the roleplay scenarios challenge your existing communication skills? In what ways?

B.1.5 Coach Feedback.

e Quality
— Was the feedback relevant, actionable, and easy to understand? Why or why not?
— How personalized did the feedback feel to your specific responses?
Quantity
— Was the amount and length of feedback appropriate, or did you feel overwhelmed/underwhelmed?
e Timing
- How did you feel about receiving real-time (in-situ or in-action) feedback?
— Was there a moment when you expected feedback but didn’t receive any?
e Format
- How did you feel about the format of the feedback (e.g., BLUF summary, hover details)?
Trust
— Do you trust that the feedback is accurate/reliable? Why or why not?
% What information would help make the system feedback more reliable?
* What could enhance the credibility of the feedback for you?
Effect
— How did the feedback influence your future interactions within the roleplay?

B.1.6  Reflective Learning.

e Perception
— Do you feel that the feedback provided by the coach spurred you to reflect on what you said?
— Was your ability to reflect on your conversation boosted or limited in any way?
e Timing
- Do you feel that performing reflection immediately (in-situ) was/is beneficial?
e Perspective-taking
— Did the feedback that the coach provided broaden your perspective of your roleplaying partner? That is, do you feel as though you
have a broader appreciation of their burden?
— How did perspective-taking influence your approach to communication challenges?

B.1.7  Overall System Design.

e Navigation
— Did you have any trouble navigating around the system and performing actions?
— What improvements could make the system more user-friendly?
e Layout
— Did the layout feel intuitive? Why or why not?
— How could the layout be altered to facilitate learning better?
e Purposefulness
— Were there system features that you found particularly beneficial or unnecessary?
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B.1.8  Overarching Questions.

e Human-AI Interaction
- How was working with Al in this roleplaying setting?
— What preconceptions about Al were challenged during this experience?

e Workplace Communication
- Have you experienced moments like the one in the scenario?
— How often do you feel that problematic communication scenarios arise in the workplace?
— Do you feel this tool would have been handy in your past experiences?

e CommCoach Usage
- To what extent would you use a system like CommCoach for workplace communication training?
- How would you see yourself using this tool?
— How does this system fit into your current or desired workflow for communication training?

e Feedback for Us
— Are there any specific concerns you feel we, as human-computer interaction researchers, should focus on when researching these

communications systems?

B.2 Default and Participant-Generated Scenarios

B.2.1 Default. You are a boss requesting that an employee Taylor, work extra hours over the weekend to complete the XYZ project before a
critical deadline. They are the only person that can do the job, and their progress has been substandard.
This scenario can also be found in Figure 4 in Appendix C.

B.2.2  Participant-Generated Scenarios. The following scenarios were generated by participants using CommCoacH

® You are in a challenging situation where one of your employees, Sharla, is experiencing conflict with their direct supervisor. Sharla
has expressed a desire to transfer to a different work center, but the options are limited. The only available position is in a smaller,
three-person work center where the workload and the importance of the mission are significantly reduced. Additionally, there are no
other vacancies to accommodate Sharla’s transfer. You must address Sharla’s concerns, manage the dynamics within the current work
center, and explore potential solutions to this interpersonal conflict without compromising the team’s effectiveness or Sharla’s career
development.

® You are gearing up to assign a crucial task to Taylor, a diligent member of your team. Recognizing your own concerns about the
clarity of your communication, you decide to implement a new strategy. After explaining the task, you plan to engage in a reflective
conversation with Taylor, where you will encourage them to ask questions and express any uncertainties. This method aims to foster
an open dialogue, ensuring that both of you have a clear and shared understanding of the task’s requirements and expectations.

e You are in the midst of a challenging situation at your company, where you’ve been tasked with the responsibility of handling a
sensitive issue. Taylor, a member of the leadership team, was initially being let go due to performance issues. However, during the
process of Taylor’s departure, you’ve uncovered evidence of serious misconduct. Now, you find yourself needing to transition the
reason for Taylor’s dismissal from performance-related to disciplinary. Today, you are preparing to meet with Taylor to discuss
this change. You aim to communicate the situation with a balance of firmness and sensitivity, ensuring that Taylor understands the
seriousness of the misconduct while also respecting their dignity during this difficult conversation.

e You stride confidently into the tutoring lab, noticing Taylor, your sole tutor for MATH 1234, rushing in 20 minutes late. A group of
students, clearly frustrated, are checking their watches and whispering among themselves. As Taylor hurriedly sets up, you prepare to
approach them. You understand the critical role Taylor plays in supporting the students’ learning during this hour, and you’re ready
to discuss the importance of punctuality and the impact of their tardiness on the students’ experience. Taylor is defensive because
they don’t have a valid justification for this act.

® You are the manager at a small company where Morgan has been frequently calling in to work and often leaves early, citing the
need to pick up her child from daycare. You’ve noticed that this pattern has started to affect the team’s productivity and morale.
Today, you’ve decided to address the situation. You schedule a private meeting with Morgan in your office. The room is set up
to be welcoming, with two chairs facing each other to encourage open communication. As Morgan enters, you greet her warmly,
acknowledging her dedication to her family while expressing your concern about how her current schedule is impacting the team and
the work environment. You emphasize the importance of finding a balance that respects both her responsibilities as a parent and her
commitments to her role within the company.

e You are a manager at a company where your employee, Taylor, has expressed dissatisfaction with having to travel on Sunday to
prepare for and conduct a training session on Monday. Taylor feels that this arrangement encroaches on their personal time and has
come to you seeking a resolution. You value Taylor’s contribution to the team and understand the importance of work-life balance.
You are now faced with the challenge of addressing Taylor’s concerns while ensuring the training session’s success.

® You are the manager of a small team at a tech company, and you’ve been facing ongoing performance and attitude issues with an
employee named Bob. Despite multiple warnings and attempts at corrective action, Bob’s behavior and work quality have not improved.
Today, you have scheduled a meeting with Bob to discuss his employment status. As you prepare for this difficult conversation, you
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review the company’s termination procedures, gather documentation of Bob’s performance issues, and plan how to communicate the
decision compassionately yet firmly.

e You are in a leadership position at your organization, and you’ve been tasked with implementing a new, agile video-based training
program to meet the urgent demands of senior leadership. However, your senior subordinate, Taylor, is resistant to this new approach.
Taylor believes that by not following the full instructional design models, this initiative cuts corners and compromises the quality of
the training. Despite Taylor’s resistance, you need to navigate this situation carefully, balancing the urgency from senior leadership
with the concerns raised by Taylor, ensuring the project moves forward effectively.

® You sit down in your office, the weight of the upcoming deadline for the XYZ project pressing heavily on your shoulders. You know
that the team has been working hard, but there’s still a significant amount of work to be done. You call Taylor into your office,
aware of his tendency to be a bit recalcitrant and reserved. Despite this, you’ve always found his work to be generally acceptable, if
not commendable at times. You explain the critical nature of the deadline and the importance of the project to the company. You
acknowledge Taylor’s contributions so far but stress the need for extra effort from everyone, including him, to ensure the project’s
success. You request that he works extra hours over the weekend, emphasizing how crucial his role is in the completion of the XYZ
project.

® You are leading a critical project at your company, and you’ve assigned a task to a staff member, Taylor, that is crucial for the project’s
success. However, Taylor refuses to carry out the task, stating that you are not their direct supervisor and therefore, they do not have
to follow your instructions. This situation occurs in the middle of a team meeting, with all eyes on you, waiting to see how you will
handle this unexpected challenge.

e In your role at X corporation, you’ve observed that Tim, who often works solo, feels isolated from the rest of the team. His work,
however, is vital for the company’s success across various departments. Your challenge is to make Tim recognize his significant
contributions and feel more connected to the team, by pointing out specific examples of how his efforts have led to team victories.

® You are a supervisor at a bustling tech company, known for its fast-paced environment and cutting-edge projects. Among your team
members is Taylor, an individual who is notably introverted and has always shied away from the spotlight. Despite their preference
for staying out of the limelight, Taylor has been an exceptional performer, consistently meeting deadlines well ahead of schedule and
managing projects significantly below cost. Recognizing Taylor’s contributions is important to you, but you are also mindful of their
discomfort with public acknowledgment. You find yourself contemplating the best approach to honor Taylor’s achievements in a way
that respects their personality and preferences.

® You are the manager of a team where Taylor, a key employee, has been consistently arriving late to work, accumulating 10 late arrivals
in the last 30 days. Despite previous meetings where the attendance policy was clearly explained, Taylor’s behavior has not changed.
This policy allows for no more than 3 late arrivals in a 30-day period. Taylor’s role is critical to the success of the business, making the
situation delicate and requiring a nuanced approach. You need to address this issue once again, balancing the importance of Taylor’s
contributions with the necessity of adhering to company policies and maintaining team morale.

® You are the supervisor of a new airman, Taylor, who has recently joined your office. Over the weekend, Taylor received a DUI and has
called you late at night to inform you of the situation. Despite the late hour and the shock of the news, you recognize the gravity of
the situation and the impact it could have on Tavior’s career and wellbeing You understand the impodance of handling the situation
with care ensunno Tavior is safe and aware of the serousness of the incident while also prenaring to navinate the administrative and
disciolinay processes that will follow.

® You sit down in your office, preparing yourself to have a constructive conversation with Taylor. Over the past few weeks, you’ve
noticed a decline in the quality of Taylor’s work. It’s been sloppy, and it seems like he’s not paying attention to the details that are
crucial in your line of work. You've gathered specific examples of where his work has fallen short, aiming to provide clear, actionable
feedback. Your goal is to help Taylor understand the impact of his current performance and to encourage him to ask for help or
resources if he’s struggling. You believe in Taylor’s potential and want to support him in getting back on track, ensuring he knows
that you’re there to guide him through this process.
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C Functional Probe UI Screenshots

Scenario

You are in a challenging position where the XYZ project is lagging behind its critical deadline. As the team leader, you've identified that Taylor, one of your ?’ ‘
employees, is the only person capable of completing the necessary tasks to get the project back on track. Unfortunately, Taylor's progress has been less than C
satisfactory. You need to approach Taylor with a request to work extra hours over the weekend to ensure the project meets its deadline. It's crucial to communicate ~ 3
the importance of their role and the urgency of the situation while being mindful of their potential reaction and the extra pressure this request places on them.

Hi Taylor, how are you doing with the project deadline coming up? Do you need any help?

Taylor

Hey User, I'm feeling the pressure, that's for sure. It's been a bit overwhelming, and I'm concerned about meeting
the deadline. If there's any help available, I'd definitely welcome it.

I can check around but | am not sure what | can get. Feedback T
YYou've shown empathy by
acknowledging the pressure Taylor is
under, which is a good start. However,
there's an opportunity to be more

Taylor
i proactive and clear about the support |
| appreciate that, User. Any extra hands, even for some of the smaller tasks, could really make a difference. Just you can offer, and to communicate the |
knowing you're trying to find support helps a bit. Thanks. urgency of the situation more effectively.
« Offer Specific Support
« Communicate Urgency and
Importance |
« Provide Clear Expectations |
|
|
|
|
|
|
|
Type a message (Shift + Enter for new line) 4 |

Figure 3: Ul screenshot of the functional probe, CommCoacH

.
Scenario

You are a boss requesting that an employee, Taylor, work extra hours over the weekend 1o
complete the XYZ project before a critical deadiine. They are the only person that can do t
job, and their progress has been substandard.

Hi Taylor
Scenario Editor
ayio
Hey! How's it going?
Current Scenario
You are a boss requesting that an employee, Taylor, work extra hours over the weekend to complete the
XYZ project before a critical deadline. They are the only person that can do the job, and their progress
has been substandard.
Generate New Scenario
Below you can enter details regarding a scenaric that you would like to practice. Once you are dane, hit
enter or press the send button. If desired, you can refine the scenario further by making requests in the
" text field and then accept the result when you are happy.
4
Type and send your sc the Nere 4
Close

Figure 4: Users can create custom scenarios through the scenario editor.
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Fiy
Feedback 9 T

Your approach to requesting extra

e Thwy we Pe oy g e e 0 e

Hi Taylor, you need to work late this weekend. Your coach is typing .

work could be enhanced by
incerporating empathy, clarity, and a
more engaging dialogue. Focusing

on these aspects can improve your
effectiveness as a leader.

Empathy and Understanding
Clarity and Rationale

.

Engagement and Dialogue

Engagement and Dialogue

Encouraging a two-way conversation by asking for their input
or any concerns they might have about the extra hours can
foster a sense of involvement and respect. This could involve
discussing any support they might need to complete the task
or negotiating terms that work for both parties. Engaging in
dialogue demonstrates that you value their perspective and

needs.

well-being, which can motivate them to meet the project’s e

Click to discuss with your coach...

Figure 5: Immediate feedback is provided to users via the side panel. Hovering over specific feedback items will show more

information in a popup.

T — r

e T e e e o

Feedback T
our approach to requesting extra
work could be enhanced by
Incorporating empathy, clarity, and a
more engaging dialogue. Focusing
N these aspects can improve yaur

Hi Taylor, you need 1o work late this weekend.

I Is there any way we effectiveness as a leader.
ibsolutely necessary
+ Empathy and Understanding
= Clarity and Rationale
+ Engagement and Dialogug
Engagement and Dialogue N
Encouraging a two-way conversation by asking for their input ‘
or any concerns they might have about the extra hours can
foster a sense of involvernent and respect. This could involve
discussing any support they might need to complete the task
‘or negotiating terms that work for both parties. Engaging in

dialogue demanstrates that you value their perspective and
well-being, which can motivate them to meet the project’s

CliGk o giScuss With YOUF coach... o

nt and Dialogue
Encouraging a two-way conversation by asking for their input or any concems they might have
about the extra hours can foster a sense of involvement and respect. This could involve discussing
any support they might need to the task or negotiating terms that work for both parties.
Engaging in dialogue demonstrates that you value their perspective and well-being, which can
motivate them to meet the project's needs.

Can you give me one example of how te do this in my
conversation?

Certainly! Here's how you could approach the conversation to
incorporate the feedback:

Casey: Hi Taylor, | hope you're doing well. | wanted to talk about
the XYZ project. As you know, the deadiine is coming up quickly,
and it's critical that we meet it. | understand that this is asking a
lot, but | believe you have the unique skills needed to get this
project across the finish line on time. Would you be able to put in
s0me extra hours over the weekend to ensure we meet our
deadline? | want to hear your thoughts on this and discuss any
concerns of support you might need to make this possible. Let's
work together to find a solution that works for both of us.

Discuss this with your coach here...

kel

Figure 6: Users can discuss specific feedback items with the coach via an additional popup window.
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